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Does a name change the score? It did. So we
stopped showing it.
Every vendor in this market says its scoring is fair. Almost none publish a

number, and the ones that do rarely publish the method behind it. Here is

ours, including the part that did not flatter us: we found a name effect in

our own scoring, and this is what we did about it.

0.378

Gap between the best- and worst-

scoring name when the model could

see the name

0.095

The same measurement once the

name was removed before scoring

— 75% smaller

Gone

The effect is no longer

distinguishable from the model's

own randomness

01 What we did

We took one CV — a single fictional Financial Controller, ACA-qualified, nine years' experience —

and changed nothing but the name and the email address. Same employers, same achievements,

same wording, same length. Six names, chosen to differ across ethnicity and gender:

James Whitfield

Adaeze Okonkwo

Mohammed Al-Rashid

Siobhan O'Connell

Wei Zhang

Grzegorz Kowalczyk

All six were scored against the same role, and the whole thing was repeated 10 times from

scratch. Because the CVs are identical in substance, any difference between them comes either

from the name or from the model's own randomness. Separating those two is the point of the

next section.

02 The control, which is the part that matters

A spread between six names means nothing on its own, because these models do not return the

same score twice. So we measured how much a score moves when nothing changes, and judged

the name gap against that.

Getting this comparison right matters more than the result. The tempting version — setting

the name gap beside the raw spread of one name scored 10 times — is wrong, and wrong in

our favour. Each name's figure is an average of 10 scores, and averaging shrinks randomness

by roughly √10. Comparing an averaged number against unaveraged noise makes almost any
name effect look negligible.
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Scaled properly, chance alone would produce a gap of about 0.134. We measured 0.378 — 2.8

times that.

03 What we found, and it was not what we expected

NAME MEAN, NAME VISIBLE MEAN, NAME REMOVED

James Whitfield 8.38 8.35

Adaeze Okonkwo 8.48 8.33

Grzegorz Kowalczyk 8.55 8.39

Siobhan O'Connell 8.65 8.32

Wei Zhang 8.74 8.33

Mohammed Al-Rashid 8.76 8.29

With the name visible the differences were real, not noise: F(5,54) = 7.2, past the 1-in-100 mark.

But the ordering was not stable. An earlier run of the same test in August put Adaeze Okonkwo

top and James Whitfield near the bottom; in this run Whitfield was bottom and Mohammed Al-

Rashid top.

So we are not claiming our scoring discriminated against any group, and nobody should read it

that way. What it shows is a real, measurable and moving sensitivity to a name — something with

no business being in a score at all.

04 What we changed

The prompt already instructed the model to judge only on evidence and never on name, gender,

age or nationality. The measurement shows that instruction was not enough. Asking a model not

to notice something is not a control.

So the name is now removed before the model sees the CV — the full name, each part of it, and

every email address, which carries the name back in. Dates of birth and ages were already

removed for the same reason. The stored CV is untouched: the recruiter still reads everything,

and only the scoring step is blind.

Re-running the identical test afterwards, the gap fell from 0.378 to 0.095, and F(5,54) fell

from 7.2 to 1.7 — no longer distinguishable from chance.

One honest side effect: taking the name and email out of the header also lowers every score

slightly, by roughly two tenths of a point across the board. It applies to every candidate equally, so

ranking is unaffected — but a score from before this change and one from after are not exactly

comparable.

05 What this does not establish

Set in the same size type as the results, because a fairness claim without its limits is marketing.

This is not an impact ratio. An impact ratio compares how often each group is selected, not

how they score, and measuring one needs a population of different CVs per group and a
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shortlist rule fixed in advance. This test uses one identical CV by design, so it cannot produce

that number. That work is scoped and not yet done.

Six names is six names. One name cannot stand for an ethnicity, and this set covers a handful

of backgrounds, not a population.

It tests the name only. Not addresses, not schools, not career gaps, not the other things a CV

leaks about a person.

It is a test, not a guarantee. We do not say Hikari is free of bias. Nobody can honestly say that

of a language model, and a vendor who does is telling you they have not looked properly. What

we can say is that we look, we publish what we find, and we fix what we find.

Hikari is a trading name of Black Star AI Ltd · ICO
registered
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